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Traditionally, information quality (IQ) research assumes organizational settings in
which information production (e.g., internal, by external organizations/customers) is
well-controlled and serves well-defined purposes. IQ research draws extensively on
the manufacturing paradigm, treating information as a product and its quality as the
extent to which information at hand fits consumer requirements [Ballou et al. 1998;
Talburt et al. 2014; Wang and Strong 1996]. In a typical organizational environment,
users who create data, professionals who curate it, and users who consume it are
encouraged to closely coordinate activities [Lee and Strong 2003].

Although information production in corporate settings remains vitally important,
organizations increasingly seek to harness data created beyond their boundaries. Of
particular interest is User-Generated Content (UGC)—data produced by members of
the general public rather than by employees or others closely associated with the
organization. A major source of UGC is social networks (e.g., Facebook, Twitter); other
sources include crowdsourcing (wherein users create content for specific purposes),
product reviews, casual comments, tags, and annotated maps. In addition, a valuable
complement of UGC is sensor data (e.g., user geolocations) transmitted by the devices
(e.g., mobile, wearables) used to create data. Information produced by people with no
formal links to an organization is a new, increasingly important, but poorly understood,
addition to the IQ landscape.

Illustrating the potential of UGC, data production within organizations is being
dwarfed by the amount created by ordinary people [Vellante 2010]. Companies are
using UGC to understand customers and develop better products. Brynjolfsson and
McAfee [2014] regard UGC to be one of the four pillars of the modern economy (along
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with intellectual property and organizational and human capital). In the domain of
citizen science (a tiny proportion of all UGC), Theobald et al. [2015] estimate the con-
tribution of ordinary people to scientist-run crowdsourcing at $2.5 billion. These data
promise to assist in tackling humanity’s “evil quintet”: climate change, overexploita-
tion, invasive species, land use change, and pollution [Theobald et al. 2015].

Unlike typical corporate information production, it is difficult to control the content
or form of data generated outside the organization. UGC is often accepted with little
or no validation or controls. In addition, it is difficult to train and motivate casual
content producers to provide high-quality data. Finally, the purposes for which UGC is
produced may differ substantially from the way organizations intend to use it.

We believe the challenges of understanding and improving the quality of UGC war-
rant extending the prevailing principles and methods of IQ management to this domain.
Whereas the organizational 1Q paradigm focuses on the data consumer, IQ manage-
ment of UGC should be more contributor-focused. Whereas training, instructions,
and shared social norms ensure relatively transparent and controlled organizational
information production, imposing such mechanisms on casual and open UGC is dif-
ficult. To properly understand the quality of data created by ordinary people, it is
necessary to consider the motivation, abilities, and domain expertise of individual con-
tributors. This may require I1Q researchers to ground their work in relevant theories of
human psychology.

Whereas organizationally-produced information is primarily intended for predefined
uses, UGC is often use-agnostic. Casual content producers on social networks or
crowdsourcing platforms may be unfamiliar with or unwilling/unequipped to satisfy the
informational requirements of the organizations looking to use their data [Lukyanenko
et al. 2014]. This is consistent with the general trend to mine datasets for unanticipated
insights. To assist organizations in leveraging UGC, novel IQ metrics are needed that
evaluate quality under the assumption of multiple, evolving, and unanticipated uses.

In cases where organizations sponsor UGC projects (e.g., crowdsourcing), a major
question is how to design collection mechanisms and effectively engage contributors.
Because it might be difficult to anticipate the structure (if any) of UGC, traditional
mechanisms for collection (e.g., fixed forms) and storage (e.g., relational databases)
may be inadequate (e.g., Lukyanenko et al. [2014]). Whereas traditional databases
seek to minimize redundancy, in UGC settings redundancy (e.g., multiple users labeling
the same item) may improve quality but raise novel problems of task modeling and
cost-benefit tradeoffs (e.g., Ipeirotis et al. [2013]). Another challenge is motivation and
compensation of contributors (e.g., Wang et al. [2012]). The heterogeneity of UGC also
highlights the need for new approaches to information retrieval, record linkage and
de-duplication, and data visualization to transform noisy and sparse data into forms
amenable to organizational decision making. As more organizations begin to rely on
information created by ordinary people, the need for novel conceptualizations and 1Q
management principles becomes ever more urgent.
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